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Abstract:

Recent technology developments of Al and Big Data have made it possible to use machine learning to obtain
predictive models or mathematical models of phenomena that were difficult to achieve with conventional
technologies. At JFE Engineering Co., a system for accumulating operational data from plants was established in
2014. By utilizing this accumulated data, fundamental technologies such as plant control health evaluation and
anomaly diagnosis systems have been developed. In this paper, recent development examples are described: in the
field of measurement, online measurement of moisture and properties of biomass power generation fuel using image

analysis technique, and in the field of control, non-linear model predictive control for improving biomass power

generation efficiency using a machine learning neural state space model.
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principle
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Fig.9 Neural state space model for net efficiency prediction
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