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Abstract:

JFE Engineering and Hokuriku Electric Power Company jointly developed optimal operation system for dams that
integrates artificial intelligence software WinmuSe™ developed by JFE Engineering and dam operation know-how of
Hokuriku Electric Power Company, for the purpose of supporting the work of dam managers who are required to

increase hydroelectric power generation and strengthen flood control by DX. This paper introduces the latest

WinmuSe and functions of optimal operation system for dams.
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